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Automatic Construction of a Patent Term Thesaurus with Fine-Tuned ChatGPT
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Based on ‘reading machine” , what is the
relationship of “photocopier” ? Please choose
the most appropriate option from the following:
1: 'Not related.’

‘Other high level domain match.’

‘Holonym (a whole of).’

‘Meronym (a part of).’

a A

‘Antonym.’
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6. ‘Structural match.’

7. ‘Hypernym (narrow-broad match).’
8: ‘Hyponym (broad-narrow match).’
9: ‘Highly related.’

10: ‘Very highly related.’
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Very Highly related 1. 00
Highly related 0.75
Hyponym (broad-narrow match). 0. 50
Hypernym (narrow-broad 0.50
match).

Structural match. 0. 50
Antonym. 0.25
Meronym (a part of). 0.25
Holonym (a whole of). 0.25
Other high level domain 0.25
match.

Not related. 0. 00
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